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Abstract. Tourism is an important sector, serving as an avenue to show the natural resources of a 
country and inhabitants' hospitality. This sector creates several opportunities for building a 
potential market and enhancing economic activities where tourist spots and activities flourish. 
Despite the numerous benefits, tourism still requires significant improvement, particularly in the 
Philippines, where there are abundant beautiful places. Therefore, this study aimed to develop a 
recommender system based on users and content collaborative filtering to provide local and foreign 
tourists with viable information for experience improvement. The investigation focused on 
improving tourist satisfaction based on three aspects such as preferences, ratings, and reviews that 
add options for tourist spots, activities/itineraries, destinations, and others. The machine 
algorithm-based journey assistant (MAJA) was designed as an interface and agent in providing help 
to tourists. The mean average precision (MAP) and recall were used as evaluation metrics to better 
understand the ability of MAJA to offer personalized experiences to unique users. The results 
showed that integration of the system into tourism provided a smart platform for enhancing tourist 
experience and destination competitiveness. Consequently, successful implementation of the 
system is measured by two criteria, namely the degree of tourists' pleasure during trip and the 
capacity of MAJA to effectively transfer tourism to less popular and less "accessible" sector. 
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1. Introduction 

Tourism is an essential sector, serving as an avenue to show the natural beauty of a 
country and hospitality to inhabitants. Currently, the majority of people depend on online 
services for trip planning due to the volume of information available, despite its veracity 
and accuracy. Among these information sources for tourists include travel companies, book 
guides, and website. During trip planning, tourists are required to select a destination and 
the various areas of interest, with the majority depending on non-personalized 
recommendations based on the number of visits or the average rates provided by previous 
users. This is because some of the common activities are very challenging and time-
consuming, such as accessing huge volumes of information about destinations, leisure 
activities, and previous reviews of other travelers (Kbaier, Masri, and Krichen, 2017).  
 Tourists often aim to extend beyond simply visiting well-known attractions, learning  
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about local culture, expressing preferences, and enjoying the variety of hidden restaurants. 
Furthermore, tourists have different preferences, some are attracted to local foods and 
traditional places, others by region or by continent cityscape or uniqueness of an area (Cho 
et al., 2022). However, the typical prominent guided tours usually struggle to accommodate 
a large quantity of customers. Due to the recent advancement of ICT, personalized tours 
have become more accessible, but the task of selecting and gathering relevant information 
remains significant. Therefore, custom tours catering to small and medium groups of 
tourists deliver an itinerary based on personal preferences and provide the proper 
instruction while considering travel costs and travel mode choices (Garanti, 2023; Zhou et 
al., 2024). Some countries like South Korea promotes its culture and tourist destinations 
through their Imagine Korea Virtual Reality which has a potential for helping tourists 
design their itinerary routes and local attractions (Drianda, Kesuma, and Lestari, 2021). 
Despite the potential benefits, the development of this itinerary takes enormous manpower 
and cost to maintain and build based on human experience and knowledge. To address the 
challenge, services such as TripAdvisor have performed several studies and developed 
tourists’ information system using a recommender engine. This system offers various 
functionalities, including searching for travel-related services such as lodging and flights 
(Hirakawa et al., 2015). In fact, it was revealed in some studies that factors impacting 
satisfaction of tourists in online platforms are those positive experiences such as discounts, 
product quality, user experience, and customer support (Felix and Rembulan, 2023). 
 Furthermore, others use advanced techniques such as the application of Deep 
Reinforcement Learning where tourist’s reward depends on the specific spatial and 
temporal context in which itineraries has to be performed, predicting tourists’ sentiments, 
and even deep learning promoting better offerings to tourists through forecasting (Dalla-
Vecchia et al., 2024; Essien and Chukwukelu, 2022; Martin et al., 2018). However, there is a 
need to consider the demands of users who have difficulty using technology, prioritizing 
comfort and security to enhance tourism (Sustacha et al., 2023; Xiong, Luo, and Lu, 2023). 
Low-quality tourism websites without analytics have also been considered unattractive to 
tourists and poor online customer services adds more to e-complaints in tourism industry 
(Nazli, 2020; Zvaigzne et al., 2023). Therefore, smart tourism technologies are required to 
provide overall tourism satisfaction, particularly for tourists loyalty as a significant thrust 
towards developing better relationships (Arbidane et al., 2023; Safitri and Abdurrahman, 
2023). 
 Several strategies have been adopted to increase service levels and enhance 
communication by helping people during online searches. These strategies include filtering 
the best options considering users' profile such as interests, circumstances, characteristics, 
and improving service value on tourists site through advancements in technology (Preko et 
al., 2023; Simo, 2012). Some tourists have identified smart hotels as tourism agenda, 
providing a more sustainable gain and human interaction (Casais and Ferreira, 2023). Some 
smart cities are leveraging on the use of digital technology to help the city achieve its goals 
and improve their quality life which would in turn provide much better safe and productive 
spaces and even help  tourism managers make informed decisions through algorithms 
(Berawi, 2022; Kolaee, Jabbarzadeh, and Al-e, 2024). Previous studies have also identified 
personalization as a key element of effectiveness, added value, and commercial success in 
tourism industry. Personalization system originally found popularity in e-commerce sites 
that offered product recommendations and information to customers in decision-making 
about purchasing goods or services. The implementation of safe and secure models of 
technology in tourism has enhanced trust and facilitated tourists experiences (Tiwari, 
Mishra, and Tiwari, 2023). Several innovations such as VR (Virtual Reality) have focused on 
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stimulating mental imagery and parasocial interactions, as well as game-based interactive 
tourism (Arif et al., 2023; Zhu et al., 2023). However, the majority still express a preference 
to personally experience the adventure in a place which is also why destination quality 
plays an important role through the personal lens of the tourists (Sancho-Esper et al., 2023; 
Arismayanti et al., 2020). In fact, it was pointed out that 1% increase in the costs of 
introducing digital technologies corresponds to the rise of tourists which lead to the idea 
that the development of domestic tourism correlates with the spread of digital technologies 
(Arteeva et al., 2022). 
 In suggesting content to consumers, "Recommendation Systems" are developed based 
on information filtering such as films, books, news, web pages, etc. Among these systems, 
collaborative filtering is commonly applied to data obtained from users' actions and 
preferences, known as personal profile. This strategy is recognized as the most widely used 
and efficient technology for web recommendation systems (Kenteris, Gavalas, and 
Mpitziopoulos, 2010). Although advanced machine learning methods, such as deep 
learning, ChatGPT, and large language models for tourism (Nicart, Chan, and Medina, 2018; 
Carvalho and Ivanov, 2023; Mich and Garigliano, 2023) can be used to handle classification 
issues. These methods are also compatible with recommender system and e-travel 
websites, offering numerous benefits and risks. Therefore, this study focused on 
collaborative filtering algorithm aimed at locating users with similar preferences, 
suggesting the recommendation of an item set to target users based on scores of the closest 
neighbors. The similarity of two users' rating histories tells us how similar their tastes are. 
This strategy, known as "people-to-people correlation," is the most popular and extensively 
used in recommendation systems (Casillo et al., 2023). 
 In the Philippines, the Department of Tourism is responsible for developing and 
promoting the local and foreign tourism industry along with affiliated agencies as well as 
other government instrumentalities. Serving as the implementing and regulatory agency, 
the Department of Tourism requires improvement, due to the abundance of scenic locales 
in the Philippines (Department of Tourism Philippines, 2009). Therefore, this study focused 
on developing a recommender system using collaborative filtering of users and content, 
providing accessibility to local and foreign tourists. The results are expected to provide 
valuable insights for tourists to obtain adequate information and improve overall 
experience (Liu et al., 2024; Kenteris, Gavalas, and Mpitziopoulos, 2010). 
 The initiative aimed to improve tourists’ satisfaction based on three important aspects, 
including preferences, ratings, and reviews that add options for travel destinations, 
activities/itineraries, attractions, and others. To provide tourists with an interface and 
assistance, machine algorithm-based journey assistant (MAJA) was developed. Evaluation 
metrics such as mean average precision (MAP) and recall were used to better understand 
the capacity of MAJA to offer unique experiences to different consumers. Therefore, MAJA 
is expected to serve the purpose of providing the most important tourism section in 
Camarines Norte with intelligent website system to promote tourist spots and biodiversity. 
 
2. Methods 

 MAJA is a recommender system designed to consider user preferences, serving as a 
practical platform for tourists and similar demographics. This system is focused on 
providing tourists the information about the intended destinations and to recommend 
additional itineraries by using a chatbot or a dialogue flow created to handle the 
conversation. This developmental study is organized and divided into several phases, 
including analysis, design, development, as well as a try-out and assessment (Balmeo and 
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Vinluan, 2019). Other phases are also included such as analysis, prototype development, 
and testing, as well as final prototype revision and retesting. 

2.1.  System Architecture 
 The framework shows that there are two main users of the system, namely tourists and 
the provincial tourism office. Users are expected to access the online platform using several 
devices, while the provincial tourism office updates and maintains all data as well as 
information. When a visitor asks a question, the chatbot acts as a human-like interface, 
allowing the provision of input data. Through MAJA program, the chatbot offers suggestions 
in response to visitor's requests, and inquiries are properly handled by competent 
recommendations based on the item-based collaborative filtering recommendation system 
(Simo, 2012). Based on collaborative filtering, a recommender system makes 
recommendations in line with the similarity of terms between users. Specifically, 
collaborative system recommends items that other users with similar interests appreciate. 

 

 

Figure 1 MAJA Recommender System Architecture 

2.2.  Dataset 
 Tourism website is expected to have counter mechanisms depending on visitor 
preferences as well as an inbuilt user rating and review system. Structured data is created 
from the information on the e-tourism website, with a web crawler obtaining data on 
products, users, reviews, and evaluations of products. After collection, the data are 
immediately exported in CSV format to Microsoft Excel. Subsequently, the retrieved data 
are cleaned up and pre-processed to ensure compatibility with a recommender system. 
Data in CSV format are transformed by the SQL Server Integration Services (SSIS) and 
loaded into the database (Kbaier, Masri, and Krichen, 2018). 

2.3.  Tourism Recommender 
 The assumption that tourists with similar interests have the potential to prefer the 
same items forms the basis of collaborative filtering-based bots. By maintaining an up-to-
date database on the preferences of visitors, there is a possibility to identify nearby tourists 
who have interests by evaluating the preference data. Subsequently, recommendations can 
be provided to tourists based on the interests of others. The information is divided into four 
major tables before pre-processing, comprising users (id, login, age, gender, origin, region, 
travel style, and sub-profile category), activities (id, activity name, category, price, latitude, 
and longitude), rating (activity id, user id, rating), and review (activity id, user id, review). 
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  The recommendation process of collaborative filtering-based bots has three stages. 
The first stage includes the representation of tourists' information, which entails analyzing 
and modeling past visits to attractions. The second stage is the generation of neighbor 
tourists by calculating similarity according to visiting records and the collaborative filtering 
algorithm. Meanwhile, the third stage is the generation of top attractions recommendation 
through the system. After logging in, the system also creates and keeps track of the users’ 
lists of recommendations for the various attractions based on travel experiences (Jia, Gao, 
and Shi, 2016). 
 According to the procedures, fundamental users’ data and previous travel behavior can 
be used to determine the list of neighbors, which is recorded user’s database. Furthermore, 
users can receive recommendations for tourism spots based on the travel experiences of 
neighbors as shown in the system experiences (Jia, Gao, and Shi, 2016). Figure 1 depicts the 
process of suggestion, where the system estimated neighbors when offline for each visitor 
to enhance efficiency. The calculation of user’s similarity is the focus of collaborative 
filtering system. Initially, the system must obtain all ratings that visitors Ti and Tj have given 
to attractions, and calculate their similarity with others using models abbreviated as sim 
(Ti,Tj). The Cosine, Correlation similarity, and Adjusted Cosine methods are majorly used 
for determining the similarity between tourists. 
 In this study, the Cosine method was used, viewed as a vector in an n-dimensional term 
space, tourist ratings. The rating was set to 1 when tourists have ever been to the attractions 
and otherwise assigned a value of 0 when text or documents are increasingly dissimilar 
(Sovina et al., 2024). Additionally, the angle between the vectors was used to calculate the 
cosine similarity among tourists. Several methods have been established to determine the 
similarity between tourists Ti and Tj: 

       
𝑠𝑖𝑚(𝑇𝑖, 𝑇𝑗) =  

𝑅𝑇𝑖
 ∙ 𝑅𝑇𝑗

‖𝑅𝑇𝑖
‖×‖𝑅𝑇𝑗

‖ (1) 

 The simplest method for determining recommendations for certain tourists is to select 
the items preferred by others. Since new tourists have no previous visits to the system, 
there is typically not enough data to provide recommendations after entry. To address this 
problem, the common method is to assess the comparability of users’ personal information, 
including age, sex, occupation, vehicle, income, etc. (Jia, Gao, and Shi, 2016).  

2.4.  Evaluating MAJA tourism effectiveness 
 This study used local tourism website to understand the effectiveness of MAJA 
recommender system. The website runs for almost two weeks to provide enough data that 
could be used for establishing visitor reviews and inputs. To determine the software 
product produced based on performance, the ISO/IEC 25010: Software Product Quality 
Evaluation System was used. This framework would answer the usability of MAJA as an 
intelligent interface for tourism website. Subsequently, a questionnaire, based on the ISO 
quality models, was used as the main data instrumentation to determine the effectiveness 
of the system. This questionnaire was used to support the specification and evaluation of 
software from different perspectives through ISO 25010 which combined internal and 
external quality models. The product quality comprises eight characteristics such as 
functional suitability, performance efficiency, compatibility, usability, reliability, security,  
maintainability, and portability. Additionally, quality use consists of five characteristics, 
namely effectiveness, efficiency, satisfaction, freedom from risk, and context coverage. 
These qualities can be measured and evaluated based on the extent to which software 
meets specific user needs in an actual, specific context of use. 
 



714  Machine Algorithm-based Journey Assistant: An Intelligent 
 Interface for Tourism Website 

3.  Results and Discussion 

3.1.  MAJA System Performance 
 Contextual information has been identified as an essential component for making 
sound recommendations (Achmad et al., 2017). Therefore, this study characterized and 
divided individual profiles of tourism topology into segments. This process facilitated the 
identification and classification of various activity-related events in line with several 
descriptions provided, which are restricted to the five domains of cultural, bioecological, 
adventure, rurality, and sports (Barrios, 2017). Additionally, preferences were based on the 
distinct characterization created for the intelligent tourist’s website that performed 
prediction according to the results obtained. These various segmentation methods were 
initially created to categorize different types of tourists based on preferences. This would 
also improve localization of preferences with which would help better identification. 

Table 1 Recommendation based on Sub-profile 

Sub-profile  Description Activities 

Cultural Cultural tourists are more interested 
in traditional life, language, and local 
habits. Inside this segment, tourists 
observe and participate in various 
festivals, folklore, and other typical 
activities of the community. 

1. Museums, and monuments.  
2. Art, handicrafts, galleries, festivals, 

cultural events, and theme parks.  
3. Music and dance.  
4. Religious ceremonies and pilgrimage.  
5. Human settlements and ethnic groups. 

Bioecological 

Bioecological tourists visit green 
areas in a responsible way with the 
purpose of enjoying, appreciating, 
and studying natural attractions like 
landscapes, flora, and fauna. 

1. Natural parks.  
2. Hiking.  
3. Inspection of fauna and flora.  
4. Camping  
5. Natural attractions  
6. Farms 

Adventure 

Adventure tourists search for new 
and different sensations 
continuously, crossing limits for 
enjoyment, freedom, and 
experiences. 

1. Mountain climbing, strolling, parade, 
bicycle touring, mountain biking, 
hunting, climbing, rappelling, and 
speleoloism (descent in caves).  

2. Diving, rafting, and kayaking. 
3. Paragliding 

Rural 
Rural tourists are attracted by 
services of the province, way of life, 
leisure, and relaxation places 

1. Shopping and restaurants.  
2. Relaxation, spa, club, and beach 

Sport 

Sport tourists search for active or 
passive participation in tourists’ 
activities for commercial or business 
reasons 

1. Sport activities participation.  
2. Sport tourist attractions.  
3. Sport events 

 The bioecological sub-profile comprises of tourists who visit green places responsibly 
to enjoy, appreciate, and study natural features such as landscapes, flora, and fauna. 
Cultural tourists investigate the traditional life, language, and local customs while 
adventure-seeking tourists are constantly searching for new experiences by crossing for 
fun, independence, and different sensations. Meanwhile, the province services and the rural 
way of life draw in rural tourists. The final category of tourists are those who engage in 
sport attractions, searching for spontaneous or planned engagement in activities for 
financial or professional gain (Barrios, 2017). 
 Generally, every circumstance fitting each sub-profile was evaluated using a test 
website, where the real chatbots with a recommender system were set up. Additionally, 
Table 2 shows the system's Mean Average Precision (MAP) according to the test that was 
run. The bioecological and rural sub-profile characterization could be shown to have the 
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highest accuracy and recall. This was attributed to the majority of locations and activities 
in Camarines Norte that corresponded with sub-profile, including natural parks, hiking, 
beaches, and natural attractions. Specifically, Camarines Norte surrounded by natural 
forests and water resources such as Bagasbas Beach, offers several options for the system 
and tourists. 

Table 2 The Mean Average Precision Result of MAJA Recommender 

Subprofile  Freq MAP Value 

Cultural 9 0.90 

Bioecological 20 0.92 
Adventure 18 0.88 
Rural 2 0.91 
Sport 4 0.81 

 
 Furthermore, the use of the recommendation system as an intelligent computer-based 
system could provide a wide range of boosts to the natural environmental destination of 
tourists through valuable suggestions (Sarkar et al., 2023). Aside from this, it can promote 
various areas and activities Camarines Norte has to offer through the chatbot and the web 
interface powered by the MAJA system. 

3.1.1. Mean Average Precision (MAP) Result 
 The use of the Python code to provide a simulated system enabled the generation of 
necessary tests, specifically (MAP). This test was programmed and the results were shown 
in a graphical format. The chart below best represents the selected sub-profile assessed for 
average precision. In the graph, recall values are on the x-axis, and precision values are on 
the y-axis. As recall increases, we can observe how precision changes. Remember that a 
higher mAP indicates better model performance, so we aim for a curve that stays close to 
the upper-left corner of the graph. 

 

Figure 2 MAJA Mean Average precision-recall curve 

 According to the results, a growing tendency was observed for the system to deliver 
recommendations based on the users’ preferences provided by the simulated chatbot and 
scaled in MAP. The scenario provided showed the effectiveness of MAJA recommender 
system in giving better predictions for tourists who prefer visiting places and interacting 
with locals in Camarines Norte. 

3.2. Effectiveness of MAJA on a Tourism Website 
 Based on the results, the system effectiveness based on ISO 25010 software quality 
overall average was found to be 4.73. This showed that the proposed system passed the 
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required software standard metrics. According to the summary usability ratings of the 
system in Table 3, all indicators were interpreted as “Strongly Agree”. The highest ISO 
25010 software quality factor on the system functionality had a weighted average of 4.81, 
while the least was on maintainability with a weight of 4.55. 

Table 3 ISO 25010 Summary Ratings of the System 

ISO 25010 Software Qualify 
Indicators  

Weighted Average Verbal Interpretation 

Functionality 4.81 SA 

Reliability 4.72 SA 
Usability 4.59 SA 
Performance Efficiency 4.65 SA 
Compatibility 4.71 SA 
Maintainability 4.55 SA 
Portability 4.73 SA 

Total Average 4.73 SA 

Legend: 4.51-5.00 Strongly Agree (SA), 3.51-4.50 Agree (A), 2.51-3.50 Somewhat Agree (SW),  
1.51-2.50 Disagree (D), 1.00-1.50 Strongly Disagree (SD)  

The metrics contributed to the understanding of the system developed, namely MAJA. 
The system served as an intelligent interface for tourism website, possessing high-quality 
characteristics ready for full implementation. 

 
4. Conclusions  

In conclusion, this study showed the potential benefits of deploying an intelligent 
internet interface designed for tourism and engagement with the LGU sector. This 
innovation was developed to improve the service and performance of Camarines Norte 
while mapping various cultural treasures and golden opportunities within the locality. 
Moreover, the implementation of MAJA as a visitor assistance system offered significant 
benefits for tourists and provided support for marketing efforts. Further development 
included incorporating the technology into website in Camarines Norte and for various 
forms of regional tourism nationwide to attract different tourists. Consequently, successful 
implementation of the system depended on two criteria, namely the degree of tourist’s 
satisfaction during trip and the capacity of MAJA to effectively transfer tourism to less 
popular and less "accessible" sectors. The incorporation of this method into tourism 
industry would provide smart platform for enhancing the tourists' experience and 
destination competitiveness. 
 
Acknowledgements 

 The researchers would like to express profound gratitude to Camarines Norte State 
College for the unwavering trust in our research. Also, to the Department of Tourism for 
their support provided on the resources and Institute of Computer Studies for their 
motivation. It is an honor to have had this opportunity as we bring back service to the 
community. 
 
References 

Achmad, K.A., Nugroho, L., Widyawan, E., Djunaedi, A., 2017. Tourism Contextual 
Information for Recommender System. In: Proceedings 7th International Annual 
Engineering Seminar (InAES), pp. 1–6 



Nicart, Arellano, and Acunin 717 

Arbidane, I., Puzule, A., Znotina, D., Narkuniene, R., Daubariene, J., 2023. Accessibility And 
Smart Tourism: Tourism for All and Reducing Inequalities: A Tourism Agenda 2030. 
Worldwide Hospitality and Tourism Themes, Volume 15(5), pp. 497–506 

Arif, Y.M., Putra, D.D., Wardani, D., Nugroho, S.M.S., Hariadi, M., 2023. Decentralized 
Recommender System for Ambient Intelligence of Tourism Destinations Serious Game 
Using Known and Unknown Rating Approach. Heliyon, Volume 9(3), p. e14267 

Arismayanti, N. K., Budiarsa, M., Bakta, I. M., Pitana, I. G., 2020. Model of Quality Bali Tourism 
Development Based on Destination and Tourists Experience. PalArch's Journal of 
Archaeology of Egypt/Egyptology, Volume 17(2), pp. 185-207.  

Arteeva, V., Sokol, I., Asanova, E., Ushakov, D., 2022. The Impact of Digitalization and 
Infrastructure Development on Domestic Tourism in Russia. International Journal of 
Technology, Volume 13(7), pp. 1495–1504 

Balmeo, H.D.A., Vinluan, A.A., 2019. Hanapresto: A Platform for Restaurant Businesses with 
Recommender System using Knowledge Extraction from Social Media and Customer 
Preferences. Asia Pacific Journal of Multidisciplinary Research, Volume 7(2), pp. 97–105 

Barrios, M.A.B., 2017. Intelligent Tourist Recommender System Focused on Collective Profiles. 
Universidad del Norte. Unpublished Master's Thesis. Available Online at: 
https://manglar.uninorte.edu.co/bitstream/handle/10584/7623/intelligent.pdf?seq
uence=1&isAllowed=y, Accessed on September 16, 2023 

Berawi, M.A., 2022. Fostering Smart City Development to Enhance Quality of 
Life. International Journal of Technology, Volume 13(3), pp. 454–457 

Carvalho, I., Ivanov, S., 2024. ChatGPT for Tourism: Applications, Benefits and Risks. 
Tourism Review, Volume 79(2), pp. 290–303 

Casais, B., Ferreira, L., 2023. Smart and Sustainable Hotels: Tourism Agenda 2030 
Perspective Article. Tourism Review, Volume 78(2), pp. 344–351 

Casillo, M., Colace, F., Conte, D., Lombardi, M., Santaniello, D., Valentino, C., 2023. Context-
Aware Recommender Systems and Cultural Heritage: A Survey. Journal of Ambient 
Intelligence and Humanized Computing, Volume 14(4), pp. 3109–3127 

Cho, N., Kang, Y., Yoon, J., Park, S., Kim, J., 2022. Classifying Tourists’ Photos and Exploring 
Tourism Destination Image Using a Deep Learning Model. Journal of Quality Assurance 
in Hospitality & Tourism, Volume 23(6), pp. 1480–1508. 

Dalla-Vecchia, A., Migliorini, S., Quintarelli, E., Gambini, M., Belussi, A., 2024. Promoting 
sustainable tourism by recommending sequences of attractions with deep 
reinforcement learning. Information Technology & Tourism, pp. 1-36.  

Department of Tourism Philippines, 2009. Republic Act No. 9593 Tourism Act of 2009 Its 
Implementing Rules and Regulations: its Implementing Rules and Regulations, pp. 1–126 

Drianda, R.P., Kesuma, M., Lestari, N.A.R., 2021. The Future of Post-COVID 19 Urban 
Tourism: Understanding the Experiences of Indonesian Hallyu Consumers of South 
Korean Virtual Tourism. International Journal of Technology, Volume 12(5), pp. 989–
999 

Essien, A., Chukwukelu, G., 2022. Deep Learning in Hospitality And Tourism: A Research 
Framework Agenda For Future Research. International Journal of Contemporary 
Hospitality Management, Volume 34(12), pp. 4480–4515 

Felix, A., Rembulan, G. D., 2023. Analysis of Key Factors for Improved Customer Experience, 
Engagement, and Loyalty in the E-Commerce Industry in Indonesia. Aptisi Transactions 
on Technopreneurship (ATT), Volume 5(2), pp. 196-208. 

Garanti, Z., 2023. Value Co-Creation in Smart Tourism Destinations. Worldwide Hospitality 
and Tourism Themes, Volume 15(5), pp. 468–475  



718  Machine Algorithm-based Journey Assistant: An Intelligent 
 Interface for Tourism Website 

Hirakawa, G., Satoh, G., Hisazumi, K., Shibata, Y., 2015. Data Gathering System for 
Recommender System in Tourism. In: Proceedings 18th International Conference on 
Network-Based Information Systems, pp. 521–525 

Jia, Z.Y., Gao, W., Shi, Y.J., 2016.  An Agent Framework of Tourism Recommender System. In: 
MATEC Web of Conferences, Volume 44, p. 01005 

Kbaier, M.E., Masri, H., Krichen, S., 2017. A Personalized Hybrid Tourism Recommender 
System. In: IEEE/ACS International Conference on Computer Systems and Applications, 
pp. 244–250 

Kenteris, M., Gavalas, D., Mpitziopoulos, A., 2010.  A Mobile Tourism Recommender System. 
In: Proceedings - IEEE Symposium on Computers and Communications, pp. 840–845 

Kolaee, M.H., Jabbarzadeh, A., Al-e, S.M. J.M., 2024. Sustainable Group Tourist Trip Planning: 
An Adaptive Large Neighborhood Search Algorithm. Expert Systems with Applications, 
Volume 237, p. 121375  

Liu, Q., Chen, N., Sakai, T., Wu, X.M., 2024. Once: Boosting Content-Based Recommendation 
with Both Open-And Closed-Source Large Language Models. In: Proceedings of the 17th 
ACM International Conference on Web Search and Data Mining, pp. 452–461 

Martín, C.A., Torres, J.M., Aguilar, R.M., Diaz, S., 2018. Using Deep Learning to Predict 
Sentiments: Case Study in Tourism. Complexity, Volume 2018, p. 7408431 

Mich, L., Garigliano, R., 2023. ChatGPT for e-Tourism: A Technological Perspective. 
Information Technology & Tourism, Volume 25(1), pp. 1–12  

Nazlı, M., 2020. Tourists’e-Complaints About Online Travel Agencies. Safran Kültür ve 
Turizm Araştırmaları Dergisi, Volume 3(1), pp. 99–111 

Nicart, E.B.B., Chan, T.Y.T., Medina, R.P., 2018.  Enhanced Satellite Imaging Algorithm 
Classifier Using Convolutional Neural Modified Support Vector Machine (CNMSVM). In:  
Proceedings of the 2018 2nd International Conference on Video and Image Processing, pp. 
222–225 

Preko, A., Amoako, G.K., Dzogbenuku, R.K., Kosiba, J., 2023. Digital Tourism Experience for 
Tourist Site Revisit: An Empirical View from Ghana. Journal of Hospitality and Tourism 
Insights, Volume 6(2), pp. 779–796 

Safitri, L.R., Abdurrahman, A., 2023. The Effect of Smart Tourism Technologies, Memorable 
Tourism Experiences, and Tourist Satisfactions on Traveller Loyalty (Study on 
Traveller Users of The Tiket.Com App). Jurnal Pamator: Jurnal Ilmiah Universitas 
Trunojoyo, Volume 16(1), pp. 153–172 

Sancho-Esper, F., Ostrovskaya, L., Rodriguez-Sanchez, C., Campayo-Sanchez, F., 2023. 
Virtual Reality in Retirement Communities: Technology Acceptance and Tourist 
Destination Recommendation. Journal of Vacation Marketing, Volume 29(2), pp. 275–
290 

Sarkar, J.L., Majumder, A., Panigrahi, C.R., Roy, S., Pati, B., 2023. Tourism Recommendation 
System: A Survey and Future Research Directions. Multimedia Tools and Applications, 
Volume 82(6), pp. 8983–9027 

Simo, E.R.C., 2012. Development of a Tourism Recommender System. Unpublished Master's 
Thesis. Available online at: https://core.ac.uk/download/pdf/41807509.pdf, Accessed 
on September 7, 2023 

Sovina, M., Yusfrizal, Y., Harahap, F. A., Lazuly, I., 2024. Application for Recommending 
Tourist Attractions on The Island of Java with Content Based Filtering Using Cosine 
Similarity. Journal of Artificial Intelligence and Engineering Applications (JAIEA), 
Volume 3(2), pp. 565–569  



Nicart, Arellano, and Acunin 719 

Sustacha, I., Baños-Pino, J.F., Del Valle, E., 2023. The Role of Technology In Enhancing The 
Tourism Experience In Smart Destinations: A Meta-Analysis. Journal of Destination 
Marketing & Management, Volume 30, p. 100817 

Tiwari, V., Mishra, A., Tiwari, S., 2023. Role of Data Safety and Perceived Privacy for 
Acceptance of Iot-Enabled Technologies at Smart Tourism Destinations. Current Issues 
in Tourism, Volume 2023, pp. 1–16 

Xiong, Z., Luo, L., Lu, X., 2023. Understanding The Effect of Smart Tourism Technologies on 
Behavioral Intention with The Stimulus-Organism-Response Model: A Study In Guilin, 
China. Asia Pacific Journal of Tourism Research, Volume 28(5), pp. 449–466 

Zhou, H., Chi, X., Norman, R., Zhang, Y., Song, C., 2024. Tourists' urban travel modes: Choices 
for enhanced transport and environmental sustainability. Transportation Research 
Part D: Transport and Environment, Volume 129, p. 104144 

Zhu, J., Jiang, Y., Wang, Y., Yang, Q., Li, W., 2023. Richness And Dynamics: How To Improve 
Virtual Reality Tourism Adoption with Virtual Social Clues. Journal of Research in 
Interactive Marketing, Volume 18(1), pp. 142–158 

Zvaigzne, A., Mietule, I., Kotane, I., Sprudzane, S., Bartkute-Norkuniene, V., 2023. Digital 
Innovations in Tourism: The Perceptions of Stakeholders. Worldwide Hospitality and 
Tourism Themes, Volume 15(5), pp. 528–537 


